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Estimation of statistics of transitions and Hill relation for
Langevin dynamics

Tony Lelievre, Mouad Ramil, and Julien Reygner

ABSTRACT. In molecular dynamics, statistics of transitions, such as the mean transition time, are macro-
scopic observables which provide important dynamical information on the underlying microscopic sto-
chastic process. A direct estimation using simulations of microscopic trajectories over long time scales is
typically computationally intractable in metastable situations. To overcome this issue, several numerical
methods rely on a potential-theoretic identity, sometimes attributed to Hill in the computational statistical
physics litterature, which expresses statistics of transitions in terms of the invariant measure of the sequence
of configurations by which the underlying process enters metastable sets. The use of this identity then al-
lows to replace the long time simulation problem with a rare event sampling problem, for which efficient
algorithms are available.

In this article, we rigorously analyse such a method for molecular systems modelled by the Langevin
dynamics. Our main contributions are twofold. First, we prove the Hill relation in the fairly general context
of positive Harris recurrent chains, and show that this formula applies to the Langevin dynamics. Second,
we provide an explicit expression of the invariant measure involved in the Hill relation, and describe an
elementary exact simulation procedure. Overall, this yields a simple and complete numerical method to
estimate statistics of transitions.

1. Introduction

1.1. Metastability and mean transition time for the Langevin dynamics. In computational statistical
physics, the Langevin dynamics is a stochastic process commonly used to simulate thermostated systems.
It describes the evolution of the position-velocity pair (g, p¢) in the phase space R x R? according to
the stochastic differential equation

dg; = pdt,
dpy = F(q)dt — ypedt + /26~ 1AW,

where the vector field F : R? — R9 is the force, v > 0 is the friction parameter, 5 > 0 the inverse
temperature, and the process (W )¢>0 is a d-dimensional Brownian motion [ , ]. A particular

)

case of interest is the conservative case, namely when F' = —VV for a function V : R — R which is
called the potential energy of the system. In this case, upon integrability assumption on V/, the process
(gt, pt)t>0 is known to be ergodic with respect to the Boltzmann—Gibbs measure with density

1 § _
@ plap) = et ey = V@ zp [ e,
B8 R xR4

In a non-conservative case (or non-equilbrium case), namely when F' is a non-conservative force, the
invariant measure of the Langevin dynamics is generally not explicit, see e.g. [ ] for details.

In most cases of interest, the process (g¢, pt)e>0 is metastable, which means that it spends most of its
time in certain subsets of the phase space, called metastable sets, and performs abrupt and seemingly
unpredictable transitions between these sets. Metastable sets often represent macroscopic conformations
of the system, on which statistics of transitions provide important quantitative information. However,
because of the scale separation between time steps employed to simulate the process (g, pt):>0 and
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typical times at which metastable transitions occur, the direct simulation of these rare events usually
turns out to be impossible [ , ].

Various methods have been introduced in the literature to numerically compute statistics of transitions.
In order to provide an example of such a quantity, let us fix A and B two subsets of R? with disjoint
closures. We denote by (7, ),>0 the successive time indices at which the process (g:):>( enters the set
A U B. Under regularity assumptions on the boundary of A and B which will be made explicit below,
the sequence (Y,,”),>0, defined by

n

Vn >0, Y, = (qT;7p7—"—)a

n
is a time homogeneous Markov chain, which takes its values in the set A~ U B, where A~ (resp. B7)
denotes the set of configurations (g, p) such that ¢ € OA (resp. ¢ € OB) and p points toward the interior
of A (resp. of B), see Figure 1.
We now define the sequences (nff,7 1 )k>0 and (ng‘i’ 1) k>0 by
3) Mo =min{n > 0:Y,” € A}, Mg o i=min{n > 75 Y, € BT}
i g =min{n =2 Y, € A7 g c=min{n 2972 L Y €BT)

They respectively refer to the successive return times of the chain (Y, ),>¢ in A~ after a visit in B,
and conversely, with the convention that these times are counted from the first visit of the chain in A™.
At the continuous-time level, we introduce the notation
re - re -
TYUe 1 = T re The 1 = Trre

ATk n.A_,k, B~k 175—,1@’
and call the trajectory of (g, p¢) on [T . T 7 . the k-th transition path between A and B, see Figure 1.
Its (time) length is denoted by

re .__ _re re
ATYBL = Tk — TA- k>

and the mean transition time between A and B is then defined by

/—1
: 1 re
) Tap := lim 7 ];)ATAB’IC.

l——+o0

It is a prototypical example of an average quantity over transition paths of practical interest [ ,
I
From the strong Markov property and the ergodic theorem for Markov chains, the mean transition
time may be rewritten as

5) Tap =Evre [AThR,],

where ' is the invariant measure of the Markov chain (Yn?e )k>0, Which is usually called the reactive
A=k T

entrance distribution in A~ | |. Here and throughout this article, the notation [, and P, refers to
the fact that the stochastic process with respect to the law of which the expectation is taken has initial
distribution p. When p = §,, we shall simply write £, and IP,,.

1.2. The Hill relation and the main contributions of the article. In the case where A and B are
metastable sets for (g;);>0, the formula (5) presents two main computational difficulties:

(1) the reactive entrance distribution v is neither explicit nor easy to sample from,
(ii) the direct simulation of the random variable A74% , may be prohibitively long.

To overcome these issues, several numerical methods are based on the alternative expression

Er,- 1]
(6) Tap = - — )
Pr, (Y €B7)
where 74— := 7w (-|.A7) is the restriction (in the sense of conditional probability measures) to A~ of

the invariant measure 7~ of the Markov chain (Y,;”),>¢. This formula, which is sometimes attributed to
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FIGURE 1. Schematic representation of the successive entry points of (¢¢)¢>0 in AU B.
The part of the trajectory in solid line is a transition path from A to B.

Hill [ ], is commonly encountered in the statistical physics litterature [ , , ], and
used for a large class of stochastic processes, beyond the specific instance of the Langevin dynamics (1)'.

The present article is a continuation of [ ], in which the mathematical analysis of this formula and
its use in rare event estimation was initiated for the case where the chain (Y,,”),>¢ takes its values in

a compact state space. This allows in particular to obtain a formula similar to (6) for the overdamped
Langevin dynamics

(7) dg, = F(g,)dt + /28 1dW,

which describes the y — o0 limit of the time rescaled position process (¢¢):>0 defined by (1). While
easier to study mathematically, thanks to the uniform ellipticity of its infinitesimal generator and the
fact that metastable sets are generally assumed to be bounded in R¢, the overdamped Langevin dynam-
ics (7) is arguably less physically relevant, and less commonly employed in actual molecular dynamics
simulations, than the Langevin dynamics (1).

Our first main contribution is a proof of the identity (6), and a clarification of the assumptions under
which it holds, in the general setting of positive Harris recurrent chains. In particular, it does not require
metastable sets to be bounded and therefore applies to the Langevin dynamics (1).

The major benefit of the Hill relation (6) is that it no longer involves the reactive entrance distribu-
tion yff,, but rather the measure 7 4—. On the one hand, in metastable situations the latter is often argued
to be easy to approximate, through direct simulation of the chain. Indeed, starting from A, one may

typically expect (Y, )n>0 to perform many steps in A~, and thus to reach the invariant measure 74—,

on a short time scale compared with the first transition toward B~ — this phenomenon is referred to as
thermalisation in the study of metastability [ ]. The quantification of this argument, based on the
notion of quasistationary distribution, is the main purpose of [ ]. On the other hand, we shall prove

in the present article that for the Langevin dynamics (1), the measure 7 4 is actually explicit and can be
directly sampled from, without any approximation argument. This is the second main contribution of this
article and explains in which sense the use of the Hill relation (6) allows to mitigate the first difficulty
mentionned at the beginning of this subsection.

In order to address the second difficulty, we rewrite the right-hand side of (6) under the form

E. |7
A _[Tl ] =E., [r]Y] € A7] 1_ —1|+E;,_ [ Y7 €B7].
Yy €B) A Pr, (Y €B) A

The quantity E; _[r; [Y]" € A7] can be evaluated by brute force simulation of the chain (Y,,"),>o,

®)

P

7I'A,

n
whereas both quantities Er, [y |Y;” € B7]and Pr, (Y;" € B™) are statistics of reactive trajectories

ISee for instance the blog post http://statisticalbiophysicsblog.org/?p=8 for more context.
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and may therefore be computed by means of rare event simulation algorithms, such as Weighted Ensem-
ble Simulation [ ], Transition Interface Sampling [ ], Forward Flux Sampling [ 1,
or Adaptive Multilevel Splitting [ ] to name but a few.

1.3. Relation with earlier works. As has already been mentionned, this work is a continuation of the
article [ ], in which the Hill relation is proved for the overdamped Langevin dynamics (7), and the
main focus of which is put on the quantification of the error introduced when replacing, in the right-
hand side of (6), the measure 74— with the quasistationary distribution of (Y,,"),>o in A~. We refer
in particular to the introduction of [ ] for more details and references on algorithms for rare event
simulation in computational statistical physics.

Besides the extension of the proof of the Hill relation to the Langevin dynamics (1), the main novelty
of the present article is the explicit computation of the measure 7 4. We believe this result to be of gen-
eral interest, independently from the application to the estimation of statistics of transitions; still, in the
latter context, it provides a direct simulation algorithm and spares the need to resort to the quasistationary
distribution. Let us however mention that the study of quasistationary distributions for Langevin-like dy-
namics (1) was recently carried out in the series of works [ , , ]and [ , 1,
and that it remains crucial for the mathematical analysis of many other algorithms of molecular dynamics
dealing with metastability.

At several places in the article, we shall use technical results regarding trajectorial and analytical

properties of the Langevin dynamics (1) recently proved in our work [ ]. We shall also bor-
row notation and terminology from various fields which are connected to our study, such as Transi-
tion Path Theory | , , ], potential theory [ , ], or the theory of Harris
chains [ , , , ].

1.4. Organisation of the article. The precise setting under which we work as well as a detailed state-
ments of our results are presented in Section 2. Section 3 contains the proof of preliminary results
ensuring the well-posedness of the sequence (Y,; ),>0. Section 4 is dedicated to the study of its long
time behaviour, and the identification of its invariant measure 7w~ . We also carry out a similar study of
the sequence (Y,),>o of configurations by which the process (g, pt)>0 exits from metastable sets. This
part is actually written for exits from a general open and smooth set O, and we later apply the obtained
results to the specific case O = A U B. Section 5 is dedicated to the proof of the Hill relation (6).
We first show a generalised version of this identity in the abstract setting of positive Harris recurrent
chains, and then check that this identity applies to the Langevin dynamics (1). Last, generalities on
Harris chains are collected in Appendix A, Appendix B contains the proof of an auxiliary result used in
the paper concerning the probabilistic interpretation of the Dirichlet problem for the Langevin dynamics,
and Appendix C is dedicated to the discussion of an assumption made in our last statement regarding the
finiteness of T4 3.

2. Setting and statement of the main results

2.1. Basic notation. For a,b € R, we write a A b = min(a,b), a V b = max(a,b), [a]l+ = 0V a,
[a]_ = 0V (—a). The notation |u| = /u - u refers to the Euclidean norm on R?. For any 7 > 0, B(u, r)
and B(u, r) respectively denote the open and closed balls centered in « € R and with radius r. More
generally, the closure of a set A C R? is denoted by A.

For a random variable X in some measurable space S and a probability measure 1 on S, the notation
X ~ p means that i is the law of X. For any f € L(S, i), we use the notation y(f) as a shorthand for
Js fdu. Given a probability measure z(dx) and a Markov kernel P(z,dy) on S, we denote by p ® P
the probability measure p(dz)P(z,dy) on S x S.
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Stopping times Markov Chains Stationary measures
Entry points in AU B Tpy1 = inf{t > 7., (¢,pe) €T} Y, = (qT; 7pT;) T
Exit points from A U B o =inf{t > 7, (q,p) €T} Y,h=(q.+,p+) wt
Crossing points of ¥ | 741 = inf{t > 7, (qe,pt) €T UTT} | V2 = (qT:L,pT:%) ™ =31 +7")

TABLE 1. Definitions of the Markov chains (Y, ),>0, (Y,})n>0 and (Y,>),>0, With
values respectively in ', ' and [~ U,

Stopping times Markov Chains | Stationary measures
Entry in A coming from B | 73>, =min{n >ng> , Y, € A7} | Y2 = Yn_ff, . e
Entry in B coming from A | >, =min{n > 7%, Y, € B} | V32 =V v
’ ’ i B~ .k

TABLE 2. Definitions of the Markov chains (Y}¢ ,)r>0 and (Y3, )r>0, with values
respectively in A~ =T~ N (0A x RY) and B~ =T~ N (0B x RY).

For the reader’s convenience, we recall in Tables 1 and 2 the notation concerning the main Markov
chains considered in this work.

2.2. Assumptions on the continuous dynamics. Throughout this work, we assume that the vector field
F :R? — R%is C™. As a consequence, the coefficients of the stochastic differential equation (1) are
locally Lipschitz continuous, therefore this equation possesses a unique strong solution, which is defined
on some filtered probability space (€2, F, (F¢):>0,P) up to some explosion time 7.,. We shall work
under the following set of assumptions:
(A1) 7o = o0, almost surely;
(A2) the process (g¢, pt)r>0 has a unique stationary distribution j(dgdp), this measure has a smooth
and positive density p(q, p) with respect to the Lebesgue measure on R? x R?, and for any
G € LY(R? x R?, 1),

1t
tlgrnoo i /0 G(gs,ps)ds = pu(G), almost surely,
for any initial condition;

(A3) the density p(q, p) satisfies

/Rded {(F @]+ |p)r(g,p) +[Vpp(a; )]} dgdp < +o0.

In the conservative case described in the introduction of the article, namely when ' = —V'V for some
potential function V : R — R, these assumptions are satisfied if
lim  V(q) = +oc, / (1+|VV(g))e? @dg < +o0.
lg|—+o00 Rd
In this case, p is the Boltzmann—Gibbs measure with density p defined in (2). We refer to [ ,
Examples 5.10 and 7.3], [ , Remark 2.21] and [ , Théoreme 1] for details.

Remark 2.1. The Langevin dynamics can more generally be written
dg = M~ 'p,dt,
{dpt = F(q)dt — yM 'pydt + \/2v5-1d W4,
where M is a diagonal matrix with positive diagonal entries, describing the masses of the particles. In
this formulation, the coordinate p; € R? refers to a vector of momenta rather than velocities. This system

may however be reduced to (1), for which M is the identity, through a simple change of variables | ,
Remark 3.37, p. 210].
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2.3. Notation and assumptions on metastable sets. In this subsection, we let O C R4 satisfy the
following assumptions.

(B) The sets O and R% \ O are open, nonempty, and have a C'?> boundary X.

A straightforward consequence of this assumption is that O and R?\ O have positive Lebesgue measures.

Let us emphasise the fact that, throughout this article, neither © nor R? \ O are assumed to be bounded.
Under these assumptions, for any ¢ € ¥ we denote by n(q) € R? the unit normal vector to ¥ which is

oriented toward the exterior of ©. This allows us to introduce the partition of ¥ x R¢ into three sets

't :={(¢,p) € L xRY:p-n(q) > 0},
I~ :={(g,p) € 2 xR%: p-n(q) <0},
I%:={(¢,p) e L xRY: p-n(q) =0}.
The results of Subsections 2.4 and 2.5 are stated for a general set O satisfying Assumption (B). In

Subsection 2.6, in order to state the Hill relation (6), we shall apply these results to the specific case
discussed in the introduction where O = A U B for two open subsets A, B C R? with disjoint closures.

2.4. The sequences (Y,),>0 and (Y, ),>0. The main objects of interest in this article are the se-
quences (Y,F),>0 and (Y, ),>0 of successive exits from, and entrances in, the set O x R?. To define

these sequences, we need the following preliminary result.

Lemma 2.2 (Return time to X). Under Assumptions (A1-A2) and (B), let T := inf{t > 0 : q; € X}. For
any (q,p) € (R4 x R\ T, we have 0 < 7 < +00, P, py-almost surely. Besides:

(i) ifg € Oor(q,p) €T, then (¢,p-) € TT;
(ii) ifg € R*\ O or (q,p) € T, then (¢,,p;) €T~
Besides, if (q,p) € T°, then

inf{t >0: (q;,p) €T} =inf{t >0: (g, p¢) €T} =0, P (4,p)-almost surely.

The first part of Lemma 2.2 allows us to define, for any starting point (¢, p) € (R? x R?) \ T'?, the

sequences of stopping times (7,7 ),,>0 and (7, )n>0 by:

7’8_ = inf{t >0: (g, p;) €T}, 7’1;:1 =inf{t > 77 : (q;,p:) €T}, n >0,
1o = inf{t > 0: (q,p:) €}, Togr = inf{t > 7, : (g,pt) €T}, n>0.

Notice that the process (g¢, pt):>0 satisfies the strong Markov property, which combined with Lemma 2.2
shows that both sequences are increasing.

Lemma 2.3 (Nonaccumulation of (7,7),,>0 and (7,, )n>0). Under the assumptions of Lemma 2.2, for any
(q,p) € (R? x R\ TY, we have

lim 77 = lim 7, = +oo, P

o -almost surely.
n——+oo n——+0o00

q,p)

Lemmas 2.2 and 2.3 are proved in Section 3.

Remark 2.4 (Intertwining between the sequences (7,1 ),>0 and (7, )n>0). The sequences (7,5 )n>0 and
(1, )n>0 are intertwined in the following sense:

e ifgcOor(qp) €l thent <75 <7 <+,
e ifg e R\ Oor(q,p) €l thenty <75 <7 <-°"

By the strong Markov property, the random sequences (Y,,"),,>0 and (Y, ),>0 defined by

n n

Yn+ = (qf;—;apr;—;% Yn_ = (q'r;7p7'n_)’
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are time homogeneous Markov chains respectively taking their values in 't and I'", and correspond to
the successive exit and entrance points in O x R%. We describe their ergodic behaviour in Subsection 2.5
and then present the Hill relation in Subsection 2.6.

2.5. Ergodic behaviour of the sequences (Y,,),>0 and (Y, ),>0. We denote by dox:(g) the surface
measure on ¥ C R¢ induced by the Lebesgue measure in R? and the Euclidean scalar product. In
addition to Assumptions (A1-A2-A3) and (B), we suppose that

(C) the function (¢,p) € ¥ x R = |p-n(q)|p(g,p) is in L}(X x R%, dos(q)dp),

and introduce the notation
7" = /F+ p-n(@)lp(q.p)dos(g)dp,  Z7 = /F P+ n(q)lp(q, p)dos(q)dp.

Notice that by Assumption (A2), p(q,p) > 0 on X x R and therefore Z* > 0 and Z~ > 0. Let us point
out that in the conservative case F' = —V'V/, the fact that [, exp(—£V (¢)) dg < +oo does not imply
in general Assumption (C).

2.5.1. Main result. The following theorem is the first main result of this article. We refer to Appendix A
for a summary of basic facts regarding Harris recurrent chains.

Theorem 2.5 (Ergodicity of (Y, ),>0 and (Y,, )n>0). Let Assumptions (AI-A2-A3), (B) and (C) hold.
(i) The Markov chains (Y, )n>0 and (Y, )n>0 are positive Harris recurrent, with unique invariant
probability measures respectively denoted by 7 and 7.
(ii) The measures 7 and 7~ have respective densities

1 _ 1
© o (¢,p) = 77 Lapertylp - n(@)lo(e.p), o7 (@:p) = Z=Lygper-ylp-n@)lple p),
with respect to the measure dos(q)dp on ¥ x R%.
Theorem 2.5 is proved in Section 4.

Remark 2.6. We shall see in the proof of Theorem 2.5 that Z = Z~. In the conservative case described
in Subsection 2.2, this fact is actually obvious since it can be checked directly that p(q,p) = p(q, —p),
which then implies Z+ = 7.

Remark 2.7. The proof of Theorem 2.5 naturally shows that if Assumption (C) does not hold, then the
o -finite measures with densities

Ligper+ylp - n(a@)lp(g; p), Lygper—3Ip-n(@)lp(q,p),

with respect to the measure dox,(q)dp on ¥ x R? remain the unique (up to a multiplicative constant)
invariant o-finite measures of the Harris recurrent Markov chains (Y, )n>0 and (Y, )n>0.

2.5.2. Sequence of successive crossings. One may also be interested in the Markov chain (Y,E)mzo
defined as the sequence of the successive crossings of the surface X by the process (g, pt)¢>0. Following
Remark 2.4, this sequence writes either (Y5, Y, Yit,...) or (Y; , Y, Y, ...) depending on whether
7o < Ty or7y, <7, . Inthis perspective, the equivalent of Theorem 2.5 for the Markov chain (Y, );>0
reads as follows.

Theorem 2.8 (Ergodicity of (Yg)mzo). Under the assumptions of Theorem 2.5, the Markov chain
(Yg)mzo is positive Harris recurrent with unique invariant probability measure

1 _ 1
7Z = 5 (" +77) = o5l n(9)lp(g, p)dos(a)dp,

where following Remark 2.6 we have set 7> = 7+t = Z~.

Theorem 2.8 is also proved in Section 4.
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2.5.3. Sampling from ©— and © in the conservative case. In the conservative case ' = —VV, we
deduce from Theorem 2.5 that the probability measures 7+ have a density proportional to

2
[p-n(q)|we @) H(g,p) =V(g) + %,

with respect to the measure doy;(¢)dp. From the numerical point of view, sampling from these measures
can be achieved through the following two-step procedure:

(i) draw g according to the probability measure with density proportional to e ~?V (@) with respect to
the surface measure dox;(q) on X;

(i) conditionally on n(q), draw p according to the density proportional to [p - n(q)]+e?PI*/2 with
respect to the Lebesgue measure on R,

Several methods are available to sample from densities on manifolds [ , , ] and may be
employed to draw g in the first step. The second step only requires to draw d + 1 independent standard
Gaussian variables G, G1, ..., Gy, and set
1
p=—=(£/Gj+Gin(g) + Gaer + -+ + Gd%) ;
NG < v
where (es, ..., e4) is an orthonormal basis of n(g)*, which is the tangent space of X at the point ¢. Then

it is elementary to check that, conditionally on ¢, the vector p has the claimed distribution.

2.6. The Hill relation for the Langevin dynamics. In this subsection, we assume that O = A U B,
where A and B are nonempty open C? subsets of R%, with AN B = @. Then Assumption (B) is satisfied,
and we introduce the partition of I'™ into the two sets

A" =T N@AxRY, B =T N(IBxRY).

2.6.1. Hill relation. Under the assumptions of Theorem 2.5, the Markov chain (Y,;"),,>¢ visits infinitely
often both sets A~ and B~, which allows to define the sequences (1°y )x>0 and (175, )k>0 as in (3).

We then introduce the notation
re R
Vk > 0, YA*,k =Y

A=k
Proposition 2.9 (Definition of the reactive entrance distribution). Under the assumptions of Theorem 2.5
with O = A U B, the sequence (Yj'i k>0 s a positive Harris recurrent Markov chain. Its unique

invariant probability measure V'S is the so-called reactive entrance distribution in A~.

Notice that the term reactive entrance distribution has been in particular introduced in the framework
of the Transition Path Theory, see | , , 1.
We are now in position to present the second main result of this work: the Hill relation for the Langevin

dynamics. Let us first state the Hill relation for the time-discrete dynamics (Y,,),>0.

Theorem 2.10 (Hill relation for the Langevin dynamics). In the setting of Proposition 2.9, let w - refer
to the conditional measure 7~ (:|A™). For any g € L' (A~ ,m4-), we have

77;59*,071
Eyre > lg@)I| < +oo,
n=0
and
ey 4= (9)
_ A-
EV“’, Z g(Yn) - :
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The formula (6) for the mean transition time 7’45 then comes as a corollary of Proposition 2.9 and
Theorem 2.10, by considering as a test function g(y) = E,[r; ], under the following supplementary
assumption:

(D) in the setting of Theorem 2.5, E— [75] + E+ [y ] < +oc.

This is stated in the next corollary, where we actually address more general statistics of transitions, of
the form

. 1 TB— k
lim —Z/ G(gs, ps)ds,
T
for some function G : R? x R? — R, by applying the results of Theorem 2.10 to the test function

9(y) =Ey[[7" Glgs,ps)ds).

Corollary 2.11 (Hill relation for statistics of transitions). In the setting of Proposition 2.9 and under the
supplementary Assumption (D), let G : R x R* — R be a bounded and measurable function. We have

7'29770 T
10 e [ / |G<qs,ps>|ds] <00 B | [T I6lamlas| < +oc.
0 0
Besides, for any initial condition (qo, po),
=g "
(11) lim - Z/ " G(gs,ps)ds = Eyre / " G(gs, ps)ds almost surely,
(=400 f =0 T;‘i . A~ 0

and the right-hand side satisfies the identity

re Er -

(12) E re |:/TB_’O G(QS,ps)d5:| =
0

/ " G(qs,psmsl

Pr, (Y €B7)

In particular, taking G = 1, we deduce that the limit (4) exists almost surely, and satisfies the identi-
ties (5) and (6).

Proposition 2.9, Theorem 2.10 and Corollary 2.11 are proved in Section 5, where the potential the-
oretic interpretation of the Hill relation is also discussed. Assumption (D) is discussed in Appendix C,
where we use results by Kopec [ ] to show that it holds for example if A and B are bounded, and
F = —VV where V is smooth and grows at least quadratically at infinity.

2.6.2. Practical use in rare event algorithms. Let the assumptions of Corollary 2.11 hold. Following
the identity (8), to compute such an observable as T'4p, one has to estimate Er [r7 1Yy € B7]and
Pr
(go, po) from 7 4, using the procedure described in § 2.5.3, and then use a rare event sampling algorithm
to simulate a trajectory of (g, p¢) over [0, 7; ], conditionally on the event {(qu- , pTl-) € B~ }. Itis worth
pointing out here that, by the strong Markov property and Proposition 4.3 below,

P, ((qT;J)T;) € B*) =P, ((qTO—,pTO—) € 5”) ;

where the notation 7 4+ refers to the restriction of 77 to A1 := I't N (9 A x R?). Therefore, to estimate

(Y] € B7). To proceed, since under m4—, Y| = (qu_ o ), one may sample an initial condition

the left-hand side, it is also possible to initialise the rare event algorithm directly under 7 4+ (following
again the procedure from § 2.5.3). When using this trick to estimate E; _[r;|Y;" € B~], one has to take
into account the time elapsed between 0 and T0+ to get the correct expected time (this small correction is
however often neglected in practice, see for example [ , Equation (6)], where the whole duration
of the reactive path is neglected).
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3. Proofs of Lemmas 2.2 and 2.3

The proofs of Lemmas 2.2 and 2.3 rely on the following nonattainability result for the set I'°, which
is stated in [ , Proposition 2.7] in the case where O is bounded and F’ is globally bounded and
Lipschitz continuous on R%.

Lemma 3.1 (Nonattainability of I'°). Under the assumptions of Lemma 2.2, for any (q,p) € (Rd x Rd) \
FO
Plg.p) (3t>0: (g, p0) € FO) =0.

Proof. Let 7° := inf{t > 0 : (g, p;) € T°}. It is sufficient to prove that for all 7 > 0 and (¢, p) €
(RY x R\ I0,
Pl (T <T) =0.

Let (F})1>1 be a sequence of smooth compactly supported functions on R? such that F, = F on B(0, k).
Let (O )x>1 be a sequence of open, C2 bounded sets of R? such that O, N B(0, k) = O N B(0, k). Let
'Y := {(g,p) € 00 x R? : p-ny(q) = 0} where ny is the outward unitary vector to O. Notice that
Y N B(0,k) =T°NB(0, k).

Fix (¢,p) € (R? x R?) \ T and consider the process (k¢ Pk.¢)t>0 defined as the unique strong
solution to (1) with F}, instead of F', driven by the same Brownian motion as (g, p):>0 and with the

q,p

same initial condition (¢, p). It is then a standard result on strong solutions that (g +, px,+) and (qz, pr)
coincide until the first time they exit B(0, k) x R%. Let

0= inf{t > 0: (qrs pry) € TR}
By [ . Proposition 2.7], one has that for all T’ > 0, P, ) (¢ < T') = 0, since Oy, is a C* bounded

set of R% and Fj, is bounded and globally Lipschitz continuous.
LetT > 0.Fork > 1,

Py (0 <T) =P (1° < T, g0 € B(0,k)) + Py (9 < T, 70 € B(0,k)) .

On the one hand, P, (7" < T,q0 € B(0,k)) < Pp(ry < T) = 0, since T, N B(0,k) =
' N B(0, k). On the other hand,

Pg.p) (TO <T g0 ¢ B(ka)) < Pip) < sup |qt| > k) — 0,
t€[0,7] k—o0
which completes the proof. O

We may now present the proofs of Lemmas 2.2 and 2.3.

Proof of Lemma 2.2. To prove the first part of Lemma 2.2 on initial conditions (¢, p) € (R% x R%)\ T?,
we concentrate on the case when ¢ € O or (¢, p) € I'": the case when ¢ € R? \6 or (g,p) € I'" can be
treated similarly using the exterior sphere property instead of the interior sphere property.

Let us first prove that 7 > 0. If ¢ € O, this is obvious. If (¢,p) € T'", this follows from the interior
sphere property: Assumption (B) ensures that there exist » > 0 and gin¢ € O such that B(gint,7) C O
and B(ging,7) N (RY\ O) = {q}. Then it is clear that ¢ — giny = 7n(q), therefore using the fact that
qt — q ~ tp whent — 0, we get

lar — qint” = @ — qI* +2(a — @) - (¢ — qims) + | — s> = 7> + £ (2rp - n(q) + 0(1))
which implies that ¢; € B(gint, ) for ¢ > 0 small enough since p - n(q) < 0, and therefore that 7 > 0.

Let us now conclude the proof of the first part of Lemma 2.2. It follows from Assumption (B) that

R?\ O has positive Lebesgue measure and thus, by Assumptions (A1-A?2), it is a recurrent set. Therefore,

almost surely, there exists ¢ > 0 such that ¢, € R?\ O, which by continuity of the trajectory (g;)i>0
implies that 7 < +o0. Moreover, by the differentiability of this trajectory, we have (¢,,p,) € T UT?
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and by Lemma 3.1, we conclude that (¢;,p,;) € I'". This concludes the proof of the first part of
Lemma 2.2.

Let us now prove the second part of Lemma 2.2, concerning initial conditions (¢,p) € TI'Y. We
will reuse the notation Fj, O, (qut,pm))tzo from the proof of Lemma 3.1, and let O;Q be an open,
C? bounded set of R? such that 9}, N B(0,k) = (R?\ O) N B(0,k). For k > |ql, by [ ,
Proposition 2.8 (i)] we have, almost surely,

inf{t >0:qgs € O} =inf{t > 0: qpy € O} =0,
which by the continuity of the sample paths of (¢ +);>0 and Lemma 3.1 implies that, almost surely,

inf{t > 0: (g, pr) €Ty} =inf{t > 0: (g, pry) €TF} =0.

By the same localisation argument as at the end of the proof of Lemma 3.1, we conclude that the same
property holds for (g, pt)¢>0 in place of (g ¢, Dk ¢ )¢>0- O

Proof of Lemma 2.3. Let us argue by contradiction and assume that either sup,,> =T < o0 or
sup,>0 7, = T < +oo. Then Remark 2.4 shows that both sequences accumulate at the same time 7.
By the continuity of the trajectory of (¢, pt)¢>0, we deduce that

lim Y, = lim Y, = (¢r,pr).

n—-+o0o n—-+o0o

Since, by Assumption (B), the mapping ¢ — n(g) is continuous on X, we then obtain

lim p +-n(g+)= lim p - -n(q-)=pr nqr)

n—+oo ‘" n—+oo ‘"

But since p_+ - n(g,+) > 0 while p_— - n(g,-) < 0, one gets as a consequence that pr - n(gr) = 0.
In other words, there exists 7' < +oo such that (¢r,pr) € T'%, which by Lemma 3.1 has probability 0
under P, ., for any (¢,p) € (R? x R?) \ IV, O

4. Proofs of Theorems 2.5 and 2.8

This section is organised as follows. In Subsection 4.1, we first show that the probability measures 7+
and 7~ defined in Theorem 2.5 are invariant for the Markov chains (Y,"),,>0 and (Y, ),>0, respectively.
In Subsection 4.2, we show that the Markov chain (Y,%),;,>0 defined in Theorem 2.8 is Harris recurrent.
These two results essentially yield all the necessary ingredients to complete the proofs of Theorems 2.5
and 2.8, which is carried out in Subsection 4.3.

4.1. Existence and identification of the invariant measure. Let £ be the infinitesimal generator of the
solution to (1), which is defined on smooth functions ¢ : R? x R? — R by

LO=p Ved+F(q) Vo —p Voo +v87 Ao

The building block of the identification of 7" and 7~ as invariant measures for (Y,,"),>0 and (Y,, )n>0
is the probabilistic interpretation of the Dirichlet problem associated with £, presented in Proposition 4.1
below. While similar statements are standard for elliptic diffusions, we were not able to find a proof of
it in the litterature which covers the case which we consider, namely with the degenerate operator £ and
the unbounded domain O x R? in the phase space. Therefore we provide a complete proof, partially
based on our previous results [ ] on the kinetic Fokker—Planck equation, in Appendix B.

In the next statement, we extend the definition of the stopping times 7, and Tgr for initial conditions
(q,p) € T? by letting in this case T, = TJ_ = 0. According to the second part of Lemma 2.2, it remains
true that 7, = inf{t > 0: (¢, p1) € T~} and 7;” = inf{t > 0: (g, pt) € ['T}.

Proposition 4.1 (Dirichlet problem). Let the assumptions of Theorem 2.5 hold.
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(i) Let f~ : T~ UTY — R be continuous and bounded, and
_ d d _
L2 ((Lp) € R x R% — IE:(q,p) |:f (qTo_’pTo_) .

The function u™ is continuous on the closed set (R4\ O) x R%, C™ on the open set (R4\ 0) x R?
and it satisfies
03 {Eu_ =0 in (RY\ 0) x RY,
u- = f- on T~ UTY.
(ii) Let fT :TTUT? = R be continuous and bounded, and
i (q,p) R X RY 5 By | [T (a,00p,0)]

The function v is continuous on the closed set O x R%, C™ on the open set O x R% and it
satisfies
(14) Lut =0 in O x Rd,
ut = f* onTTUTO.
Remark 4.2 (Uniqueness for the Dirichlet problem). Converse statements to Proposition 4.1 also hold.
Namely, if u™ is bounded, continuous on (R?\ 0) x RY) UT~, C? on (R?\ 0) x RY, and satisfies the
Dirichlet problem

u = f onl'™,
then for any (q,p) € (RY\ O) x R*) UT~, we have u~(q,p) = Eg.p) [f*(qTOf,pTOf
is obvious for (q,p) € . If (¢,p) € (R?\ O) x RY, then by It6’s formula, we have for any t > 0,

{Eu =0 in (R4\ 0) x RY,

)]. This statement

tATy
u- (qt/\TO_’pt/\TO_> =u (¢,p) + v 27ﬁ1/0 Vpu~ (gs, ps) - AW,
and then
u(q,p) = E(gp) [U_ <qt/\7'0_7pt/\7'0_)] )

see [ , Section 3.1] for details. The conclusion then follows from the dominated convergence
theorem, letting t — —+00 and using the fact that by Lemma 2.2, 7, < +oc and (qTO—, pTO-) eI,
almost surely.

Of course, a similar statement holds for the Dirichlet problem (14).

Using Proposition 4.1, one can show the following result concerning the invariance of the probability
measures 71 and 7.

Proposition 4.3 (Invariance of 7+ and 7). Let the assumptions of Theorem 2.5 hold, and let ™ and 7w~
be the probability measures defined there.

(i) If (q0,po) ~ 7, then (¢, p =) ~ 7.

(ii) If (g0, po) ~ 7=, then (q,+,p,+) ~ 7+

Combined with Lemma 2.2 and the strong Markov property, Proposition 4.3 entails that the probability

measures 71 and 7 are invariant for (Y,),>0 and (Y, ),,>0, respectively.

Proof. We only prove the first point, the proof of the second point follows from symmetric arguments.
We thus assume that (qo,po) ~ 7, fix f~ : I~ UTY — R continuous and bounded, and define the
function u~ on R? x R¢ as in Proposition 4.1. Recall that 7 and 7~ respectively have densities o
and o~ (defined in (9)) with respect to the measure dox(q)dp.
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Sketch of the argument. The idea of the proof relies on the following integration by parts formula

/ _ £U(q,p)p(q,p)dqdp=/ p- (—=n(q))u"(q,p)p(q, p)dos(q)dp
(15) (R4\O) x R4 YxR4

+/ _ u (¢,p)L"p(q, p)dqdp,
(R4\O) x Rd

where the differential operator £* is the formal LZ(Rd x R, dqdp) adjoint of £ defined by
(16) L5 =—p-Vgp =V, - (F(Q)¥) +7Vyp - (p) + ’Yﬁ_lAzﬂ/’a

for smooth functions 1 : R% x R? — R. Now, Proposition 4.1 shows that Lu~ = 0 on (R?\ O) x R¢,
while by Assumption (A2), L*p = 0 everywhere. Therefore, we deduce that

0= / p - n(g)u (g, p)p(g, p)dos(q)dp
(17) Y xR4

- /p' ”(Q)U_(q,p)p(q,p)daz(q)dp+/

, P n(@)u”(g,p)p(e, p)dox(g)dp.

r

We will show below that (17) implies the result. However, since the domain of integration (R%\ O) x R?
is not bounded, and the derivatives of u~ may blow up when ¢ approaches 3, the integration by parts

formula (15) requires some care. Thus, a detailed proof of (17) is provided below.

Proof of Proposition 4.3 under the assumption that (17) holds. Let us first conclude the proof taking (17)
for granted. By the definition of u~, 7+ and I'*", we have

Ber |17 (45075 )| = /2de Blap) |1 (ary 0y )| 7+ (adp)

1
=7/

(18)
R n(¢)u”(g,p)p(q, p)dos(q)dp.

Using (17), we then have

ZVE, 4 [f* (qTJ,pT(;)] = —/_p- n(q)u” (¢, p)p(g; p)dos(q)dp,

while by Proposition 4.1,

| v n@u @psta.piosi@ds = [ oo (@ pola.pos(as

=7 / f~(q,p)7 (dgqdp).
Y xR4
Letting f~ = 1 shows that Z~ = Z™*, and we finally conclude that
Ers [f B ((JTO— ,PTO—H = / f~(g,p)m™ (dgdp),
Y xRd
which implies that, under P+, (qTO_ , pTO_) ~ T,

Proofof (17). Let M > 0 and Uy be a bounded, C? and open subset of R? such that Uy, NB(0, M +1) =
(R4\ ©) N B(0, M + 1). Notice that in particular, ¥ := Ujys and ¥ coincide on B(0, M + 1), and on
this ball, the normal vector nj/(g) to X5, pointing toward the interior of U, coincides with n(q).

By [ , Lemma 14.16, p. 355], there exists cig > 0, which depends on M, such that the Euclidean
distance function to X)7, wich we denote by ds:,,, is C2 on the set {g € Uy : ds,,(q) < ap}, and it
satisfies the eikonal equation |Vdy;,, (¢)| = 1 there. For any « € (0, ovp), let

Unso :={q € Ups = dx,, (¢) > a}.

The set Uz, is open, bounded and by the implicit function theorem, its boundary is C 2,



14 Tony Lelievre, Mouad Ramil, and Julien Reygner
Lettys : RY x RY — [0, 1] be a C™ function such that

1 if(¢q,p) € B(0, M) x B(0, M),

uv (g, p) = {0 if (¢,p) € B(0, M +1) x B(0, M + 1),

and such that Vs, Vpear and Ageps are bounded on RY x R, uniformly in M.
For any (q,p) € Upsa x RY, we obviously have

(g, p)p(g, p)Lu(g,p) = 0,

by Proposition 4.1 and the construction of ¢ys. Since, by Proposition 4.1 again and the construction of
the set Uz, u™ is C° on the closure of the bounded set Uz, x B(0, M + 1), all differential terms in
Lu~ can be integrated by parts on Ups o X R? to yield the identity

(19) 0= / tm (¢, p)p(a, p)Lu” (g, p)dgdp = T+ 1T+ I+ 1V,
Uns, 0 xRE
with
[:= / (g, p)p(g; p)u™ (¢, p)(—=p - nma(q))dos,, , (q)dp,
Eju’a xRd
II:= / (g, p)u (q,p) L7 p(q, p)dadp,
uhfanRd
I = / Ju(@:p)e(a,p) {—p- Vs — (F(q) —vp) - Vpear + 787" Apear} dgdp,
IV = 2y87" u”(¢,p)Vpp(a,p) - Vpin (g, p)dgdp,

UM’Q XRd

where, in I, nys o (¢) is the normal vector to Xy o := 0Ujy, o pointing toward the interior of Uy, o, while
dos,, . (q) is the surface measure thereon.

Since p is the invariant measure, £L*p = 0 and thus IT = 0. Since the integrand in III and IV is
bounded in Uj; x R? and vanishes outside a bounded set, it follows from the dominated convergence
theorem that

lim IIT = / w(¢,p)p(q,p) {—p - Vgrnr — (F(q) — D) - Vipear +v8~ Apear } dgdp,
a‘LO UJM xRd

(20)
lim 1V = 2y81 u”(q,p)Vypp(q,p) - Vptrr(g,p)dgdp.

u]\/[ xRd

To complete the proof, we now show that

@1 limT = / a1 (a,2)p(@, )u= (¢, 9) (=p - ns(9))dors, (q)dp,
a0 ¥ XRE

and then conclude by letting M — +o0.

Proof of (21). Since v~ is continuous and bounded on the closed set (R? \ O) x R%, it may be extended
to a continuous and bounded function on R? x R?, which we still denote by «~. The resulting function
g defined on R? x R? by

9(q,p) = tm(q,p)p(q, p)u (q,p)

is then continuous and compactly supported. In particular, it is bounded and uniformly continuous on
R? x R?. As a consequence, it can be mollified so as to construct a family g, of C'> functions with
compact support, which converge to g uniformly when € — 0.
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For € > 0, by the divergence theorem,

/ 9¢(¢,p)p - namralg)dos,,  (¢)dp = / P Vqge(q,p)dgdp
S Mo xRE

UM’Q XRd
= / Lidg,, (@)>a}P - Vage(q p)dgdp,
u]\/] xRd

and since Vg, is globally bounded and compactly supported, by the dominated convergence theorem,
the right-hand side converges to

/u de-ngg(q,p)dqdp= / 9e(q,p)p - npm(q)dos,, (¢)dp
M X

Z]M xRd

when « | 0. As a consequence, for any € > 0, we have

lim sup / 9(¢,p)p - nmralg)dos,,  (¢)dp — / 9¢(¢,p)p - nu(q)dos,, (¢)dp
(XJ/O ZALQXRd Z]M xRd
< timsup lg = g (75, (B + 0m &) [ ol
a0 B(0,M+1)

Therefore, to complete the proof of (21), it remains to check that lim sup,, |, s, , (R?) < 400. In fact,
we shall prove the more precise result that

limoy,, , (Rd) = 0%y (Rd)'
al0 ’
To do so, we observe that the proof of [ , Lemma 14.16, p. 355] entails the identity

nM,Oé(Q) = deM (Q)

for any a < g and ¢ € Xy ,o. As a consequence, letting Cry o := Ups \ Unpyz o, We get

0SS M (Rd) — 0y (Rd) = VdEM (Q) ’ nM,a(Q)dUEM,a (Q) - VdEM (Q) ’ nM(Q)dUEM (Q)

M« Xm

and the right-hand side vanishes when « | 0, because Ady,,(¢) is bounded on {dx;,, (¢) < ao}. This
completes the proof of (21).

Conclusion of the proof of (17). Putting together (19), (20) and (21), we obtain the identity
/ tm(g:p)p(g: p)u” (¢, p)p - nm(q)dos,, (¢)dp
Z]M XRd
= / , w(q,p)p(q,p) {—p - Vgiar — (F(q) —vp) - Vpar + 78~ Apar } dgdp
uM xR

+2y87" u”(4,0)Vpp(q,p) - Viprar(g, p)dgdp,
uM xRd
which, by the properties of the set U s and of the function ¢y, rewrites
/ e (¢ p)p(g: P)u” (g, p)p - n(q)dos(q)dp
Y xR4
= / _u(@:p)p(a,p) {=p - Varnr = (F(q) = yp) - Vpiar + 787 Aptar } dgdp
(R4\O) xRe

+ 29871  u(q,p)Vyup(q,p) - Vpiar (g, p)dgdp.
(R4\D)x R4
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Since u~ is bounded, it follows from Assumption (C) and the dominated convergence theorem that the
left-hand side converges to

/ p(a.p)u (0.p)p - n(q)dox(g)dp
Y xRd4

when M — +oo. Besides, all terms Vgepr, Vpear and Ayeps converge pointwise to 0 while remaining
bounded uniformly in M. Therefore, by Assumption (A3), the boundedness of ™~ and the dominated
convergence theorem again, the right-hand side converges to 0 when M — +oo. This completes the
proof of (17), and thus of Proposition 4.3. ]

4.2. Harris recurrence of the chain (Y,>),,>0. In this subsection, we prove the following result.

Proposition 4.4 (Harris recurrence of the chain (Y,2),,>0). Under the assumptions of Theorem 2.5, the
Markov chain (Y,2)m>o defined in Theorem 2.8 is Harris recurrent.

By Lemma 2.2, the chain (Y,%),,>¢ takes its values in the set
S=ExRHY\T =1tur-.

This set is endowed with the trace on S of the Borel o-algebra of R¢ x R%, which makes it a separable
measurable space (see Appendix A). To prove Proposition 4.4, we construct a subset of S which is a
regeneration set, in the sense of Definition A.2, for this chain.

To proceed, we first fix ¢* € X. By Assumption (B), the exterior sphere property ensures that there
exist gext € R? and * > 0 such that B(gext,7*) € (R?\ 0) and B(gex, ") N O = {¢*}. We set
P* = gext — ¢* and remark that p* = r*n(¢*), so that (¢*,p*) € I'*. For any §, > 0 and §,, > 0, we now
set

Régo, = {(q:0) €T |q" —q| <6y, |p" — pl <6}

Proposition 4.4 simply follows from the combination of Lemmas 4.5 and 4.6.

Lemma 4.5 (Minorisation condition). Under the assumptions of Proposition 4.4, there exist o, > 0,
dp > 0, € > 0 and a probability measure X on S such that, for any (q,p) € Rs,s,, P(qm)(YlE €. >
eA(+).

Proof. By Lemma 2.2, for any (¢,p) € I't, we have Y© € ', P, p)-almost surely. Therefore, by
a monotone class argument, it is enough to prove the existence of d,, d,, € and A such that, for any
continuous and bounded function f~ : I~ UT? — [0, +-00),

V(a,0) € Ra, o, 4 (0:0) =B [f~(Y)] = eA(f7).

Such a statement typically follows from Harnack inequalities associated with the operator £. Indeed,

by Proposition 4.1, the function v~ satisfies Lu~ = 0 on (R?\ O) x RY. Besides, the Harnack in-
equality stated in [ , Theorem 2.15], which is based on previous results for kinetic equations
from [ ], asserts that if Ly~ = 0 on some subset O’ x RY of R% x R%, with O’ a bounded, con-

nected, C'? open subset of R, then for any compact subset K of O’ x R? there exists a constant € > 0,
which does not depend on f—, such that

inf u (g,p) >€ sup u (g,p),
(g:p)EK (g:p)eK

and thus one may take A(-) = P(, ) (Y{* € -) for any choice of a fixed (¢,p) € K.

However, this result cannot be applied directly here, because one would want to take for K the set
Rs,.5,» which is a subset of ¥ x R, But since the identity Lu~ = 0 is only satisfied on (R¢\ O) x R¢,
it does not hold on cylindrical sets of the form O’ x R? with O’ N ¥ # @. Therefore, before applying
the Harnack inequality, a preliminary work is needed to show that, starting from R, 5, (g¢, pt) reaches
a compact subset K C O’ x R4, with O’ ¢ R? \ O, before returning to O X R4 (and thus to X X ]Rd),
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FIGURE 2. Schematic representation of the objects introduced in the proofs of the Har-
ris recurrence of the chain (Y,>),,>o. Here, I1,(q,p) = q denotes the projection on the
position space. Typically, a trajectory starting in R, s, (dashed red line) goes through K
before crossing 3.

with a probability which is uniformly bounded from below. This work is carried out in Steps 1 and 2.
The conclusion of the proof, with the application of the Harnack inequality, is detailed in Step 3.

Preparatory material. Let us denote by dy; the signed distance function to ¥ in R?, with the convention
that ds(q) > 0if ¢ € O and dx(q) < 0if ¢ € R?\ O. We recall that by Assumption (B), there is a
neighbourhood of > on which dy; is C2, and for any ¢ € 3 we have the identity n(q) = —Vds(q). As a
consequence, there exist 5; > 0 and 5;, > ( such that

¥(¢,p) € B(¢%, ;) x B(p*,d,),  p-(=Vds(q) > 0.

We now fix the following positive quantities:

25/ P ¥ 5/ P 5/
=1L Oy 1= 5, = — A2 "= A2
3r*’ 1 6’ P 27 6 2’

and set
* %k

tr =/ «

! ) < B (p",5)).
Notice that, thanks to the definitions of (t*, 4, d,,8”), one has K C B(g*,d,,) x B(p*,4;,) and Ry, 5, C
(B(q*,8;,) x B(p*,d,,)) N (X x R?). We refer to Figure 2 for a schematic representation of the geometric

K::§<q*—|—t* *,

setting in the position space.

Step 1. We prove in Steps 1 and 2 that there exists a > 0 such that

(22) V(¢,p) € Rs, 6, Plgp (@, p) € K79 > 1) > a.

To proceed, we first let F :R? — R be a C*°, bounded and globally Lipschitz continuous function such
that F'(q) = F(q) for any q € B(q", 5;). We denote by (g, pt):>0 the unique strong solution to (1) with

Fin place of F'; driven by the same Brownian motion (W});> and started with the same initial condition
(¢,p) € Rs,.5, as (qe, pt)e>0, s0 that (g¢, p¢) and (g, py) coincide until they leave the set B(g*, Jg) X R,
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For any t € [0, t*],
t
+ ‘/ (F(qu) - 7@) ds + /2987 1W;
0

t
sc/0 (13 — (g + sp)| + [Ps — pl) ds + Sy pe

t
|at—<q+tp>|+|ﬁt—p|=\/ (5, —p) ds
0

where the constant C' > 0 depends on ~y and the Lipschitz constant of ﬁ, and

/Ot (ﬁ(q + sp) — w) ds + v/ 2y871W;

Sqp = sup
t€[0,t*]

We deduce from the Gronwall lemma that

sup {[@ — (g +tp)| + |Pe — pl} < Sgpe”’
t€[0,t*]

On the event {5, , < §”e~C!"}, we therefore have for any t € [0,*] (since |p| < r* + &),
G — q"| < 1@ — (g +tp)| + g +tp — ¢*| < 6" + 0y + " (r* +5,) < 6,
e —p*| < |pe —pl +p—p*| <" + 6, <0y,

which ensures that ¢; = ¢, pr = p, and p; - (—=Vdx(q;)) > 0 for t € [0,t*], so that 7,7 > t*.
Furthermore,

e = (" + P <@ = (g +p)| + (@ +'p) = (¢" + P < 6" + 64 + 70, < ——,
which implies that (¢, pi+) € K. As a consequence, the estimate (22) follows from the fact that

(23) ai= it P (8, <) >0,
(@.p)ERsg,0p

which is proved in Step 2.

Step 2. We now prove the estimate (23). In this step we simply write

* 1 e
§:=0"e" ", hy = ——=(F(q+1tp) — yp) € R,

VT

and remark that, since Fis globally bounded, there exists h > 0 such that, for any t € [0,t*] and
(q,p) S R5q75p, |ht| < h.
By the Cameron-Martin formula, for any (g, p) € R;, 5, we have

P(Sq’p = 5) =k |:]1{SuPtE[O,t*] |\/2‘/5—_1Wt|§5}Mq’p:| ’

t* 1 t*
My, = exp / hy - dW; — = / |ht|2dt .
0 2 Jo

We therefore deduce from the Cauchy—Schwarz inequality that

2
P <Supte[0,t*] V2987 W] < 5)

P(S,, < d) > -
q,p E[M%I}]
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The numerator in the right-hand side is positive for any value of ¢, and does not depend on (¢, p). The

denominator satisfies
t* 1 t*
exp —/ ht-th+—/ |hy|? dt
0 2 Jo

t* 1 t* t*
exp (—/ hy - dW; — 5/ \hﬁdt)] exp </ \ht\th>
0 0 0

< exp (t*EQ) ,
therefore (23) holds with

=E

2
a:="P ( sup |[V2yB87 W < 5) exp (—t*#) )
]

te[0,t*

Step 3. We may now complete the proof. Following the discussion in the introduction of this proof, we
fix a continuous and bounded function f~ : T~ UT? — [0, 400). For any (¢,p) € Rs,.5,» we deduce
from (22) and the Markov property for (¢, pt)+>0 that

E(q,p) [f_(le)] = IE(tm) [f_(qT(;apT(;)

= E(%p) []1{7(;>t*,(qt*,pt*)eK}fi(qq—O*apTO*)

>« inf u (q,p),
za il (¢,p)

with u™ (g, p) defined as in Proposition 4.1. From the definition of K, t* and p*, we deduce that for any
(¢,p) € K,

* .k

t*r
g — gext] < lq = (¢" +t"0")| + [(¢" +17P") — Gext| < 5

t*
+ (1 —t)|p*| = (1 — 5) r* <k,

which by the exterior sphere property implies that &' C (R?\ O) x R?. Therefore there exists an open,
bounded, C? and connected set O’ such that
K c O xR?c (RY\ O) x RY

Hence, by Proposition 4.1, Lu~ = 0 on O’ x R Therefore, the Harnack inequality from [ ,
Theorem 2.15] applies and shows that there exists ¢ > 0, which does not depend on the choice of f—,
such that

inf u(¢q,p) =€ sup u (q,p) > €eu(¢" +t*p*,p*).
(g:p)eK (¢,p)€K

We finally complete the proof by letting A(+) := P(q*—l—t*p*,p*)((qTO_ ,pTO-) € -)and € := €. O

Lemma 4.6 (Recurrence of quﬁp). Under the assumptions of Proposition 4.4, for any 6, > 0, 6, > 0
and (q,p) € S, Py py(Im > 1: Y € Ry,5,) = L.

Proof. For the sake of legibility, throughout the proof we fix d, and J,, and simply denote R = Rs,_ s,
Let (¢,p) € S and let 7 := inf{t > 0: (q:,p:) € R}. Since, by Lemma 2.3, the sequences (7,7 ),>0
and (7,, )n>0 do not accumulate, it is sufficient to prove that

For n > 1, let us define the set E,, by (see Figure 2)

1 1
E, = {(q,p)GOXRd:\q—q*\ S57!p—p*lég},
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and set 7, = inf{t > 0: (q,p:) € E,}. Since the process (g, pt)+>0 is ergodic and E,, has positive
Lebesgue measure, then for all n > 1, ]P’(q,p)(TEn < 400) = 1. Therefore,

P(%p) ﬂ {TEn < —|-OO} =1,
n>1

and the condition (24) is equivalent to the equality

O = P(va) ﬂ {TEn < +OO, TR = +OO} = hm P(va) (TEn < +QO7 TR = +oo) .

n——+00
n>1
For n > 1, the strong Markov property at the stopping time 7g,, ensures that

Plp) (TB, <400, TR = +00) = E(yp) |:]1{7En<+OO}P(q7'En Prg,) (TR = +00)| .
Therefore, if one proves that

lim  sup P, (TR = +o0) =0,
" (g p)eBn
the claimed result easily follows from the application of the dominated convergence theorem. Let a €
(0,1/2) and t,, := n~1/0+e) <1 We prove here the stronger convergence

lim  sup P, (TR >tn) =0.
"E (gp)eEn "

Letn > 1, (q,p) € E,, and

o:=inf {t > 0: (¢, p:) &€ B(q*,0q) x B(p*,6p)} .
We first prove in Step 1 that, for n sufficiently large, if the process remains in B(q*,d,) x B(p*,d,)
until the time ¢,, (i.e. o > t,), then necessarily, 7r < t,. Then we conclude in Step 2 by showing
that the process necessarily leaves B(q*,d,) x B(p*,d,) before the time t,, uniformly in the initial
condition (g, p).

Step 1. On the event {0 > t,,}, for any t € [0, t,,], we have |p; — p| < ¢1t + cot®, where

D/ K DX W
c1:=sup {|F(¢) =, (d",0') € B(q",09) x B(p",0p)},  c2:= sup \/2751%-
<t<

Notice that since o < 1/2, the random variable cs is finite, almost surely. As a result,

tn
g, — (¢" + twp®)| = ¢ — ¢ +/ (pe — p*)dt
0

tn
< Iq—q*|+tnlp—p*|+/ 1t + eot®|dt
0

1 + tn Clt% Cgtfr)frl
2 a+1’
We now recall the notation r* = p* - n(¢*) = |[p*| > 0. By the expression of ¢,, there exists a determin-

<

istic index ng > 1 such that for all n > n,

Let n > ng. On the event

one has

r* 4r*
25) la, — ¢ < (— + \p*\> L
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In addition, using the Cauchy—Schwarz inequality, one has also that

*

,
(G, — ¢ —tap") -n(q") > —5tn
As aresult, either ¢;, = ¢* or

(at, —a*) -n(g*) _ (@, —a" = tnp*) -n(g") +tap”™ - n(q")
|9, — ¢ \qt, — ¢ -

We deduce from this estimate that, on the event A,,,

DO | —

|4, = Gext|” = 198, — ¢ 1> + 2(at, — 0°) - (6" = Gext) + 4" = Gext|?

= lar, — @' = 2" (@, — @) - n(q") + ()?

<lat, — a'1* = r*lae, —a’| + ()%
Let n; be a deterministic index chosen large enough for the identity ¢,, < 3/4 to hold for n > n;. Then
by (25), if n > ng V ny then either q;, = ¢* or |q;,, — ¢*|*> — *|qs, — ¢*| < 0. Thus, in both cases, by the
exterior sphere property, ¢;, ¢ O, and since we place ourselves on the event {o > ¢, }, then necessarily
™ < .

As aresult, for n > ng V ny and (q,p) € E,,
. cototh ¥
]P’(q,p) (T’R > tn) = ]P(q,p) (T’R > tn,An) < P((va) (O’ < tn) +P 70[ 1 > gtn s

where AS denotes the complement of the event A,,. Since ¢ is almost surely finite and ¢,, vanishes when

) 02t01+1 r*
1 P n > —t,] =0,
e < a+1 6"

and the limit is uniform in the initial condition (g, p). Therefore, to complete the proof, it remains to
show that

n — 400, we first note that

lim  sup P, (0 <t,) =0,
"E (gp)eBn o

which is the objective of the last step of the proof.

Step 2. For n large enough, E,, C B := B(q*,8,/2) x B(p*,5,/2), so that

sup P py (0 <tn) < sup P (0 <ty).
(¢,p)EER (¢,p)eB

Let us define

C:= _ sup {Ipl V [F(q) —~pl}-
(g:p)€B(q*,0q) x B(p*,0p)

Then for any (¢,p) € B,

Plap (o <tn) =Py <Sup |gtro — q"| > 64 or sup [pips — p*| > 5p>
t<tpn t<tn

tAo
Oq
/0 psds| > 5)

tAo
/0 (F(gs) — vps)ds + /2987 Wine

< Plgp) (sup

t<tn

617
L),

TP <tsgtp

tAo
/ psds
0

On the one hand,

< supc(t A o) < Cty;
t<tn

sup
t<tn
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on the other hand,

tN\o tN\o
sup / (F(gs) — yps)ds + /2987t Wipe | < sup / (F(gs) — vps)ds| + Sup V278 HWips|
<tn |1JO <tn [JO <tn
< Tty + sup /2787
t<tp
Therefore,

_ 1)
Pp(o <tn) < g, 5,02 + P (Ctn + sup v 29871 W] > 51)) :

The right-hand side no longer depends on (g, p) and vanishes when n — oo, which completes the
proof. U

4.3. Completion of the proofs of Theorems 2.5 and 2.8. We have proved in Subsection 4.1 that the
probability measures 7+ and 7~ defined in Theorem 2.5 are invariant for the Markov chains (Y,"),>0
and (Y, )n>0, and in Subsection 4.2 that the Markov chain (Y,>),,>0 defined in Theorem 2.8 is Harris
recurrent.

We first complete the proof of Theorem 2.8 by checking that the probability measure 7> defined there
is invariant for the Markov chain (Y,>),,>0. To do so, we let f : S — R be measurable and bounded.

From the definition of 7> and Proposition 4.3, we get

Bes 10D = 5 [ Bl (£ p) | 7 ad) + 5 [ By [Flasp)] 7 (dadp)
= ST (D) + 37 () =7%(),

which is the expected result.
It now remains to complete the proof of Theorem 2.5 by checking that the Markov chains (Y,"),>0
and (Y, )n>0 are Harris recurrent. But since these chains are the traces of (Y,>),,>0 on I't and I'~,

respectively, this statement immediately follows from the combination of Theorem 2.8 and Lemma A.6.

5. Proofs of Proposition 2.9, Theorem 2.10 and Corollary 2.11

This section is divided into three subsections. In Subsections 5.1 and 5.2, we temporarily leave the
Langevin dynamics (1) aside and consider an arbitrary Markov chain (Y,),>0, with transition kernel
denoted by P, which takes its values in a separable measurable space S. We work under the following
general setting for the Markov chain (Y},),,>¢ (we recall that generalities on Harris recurrent chains are
gathered in Appendix A):

(E1) The chain (Y},),>0 is positive Harris recurrent on S. Its unique stationary probability distribution
is denoted by 7.
(E2) There exist two measurable sets A, B C S such that S = AUB, ANB = &, and 7(A)7(B) > 0.

Under Assumptions (E1-E2), we establish general versions of Proposition 2.9 and Theorem 2.10.
Then we check in Subsection 5.3 that Assumptions (E1-E2) are satisfied by the sequence (Y, ), >0 in the

setting of Subsection 2.6, which proves Proposition 2.9 and Theorem 2.10. We also prove Corollary 2.11
there.

5.1. Reactive entrance and exit distributions. Under Assumptions (E1-E2), the chain (Y},),,>0 is re-
current in both .4 and B, which allows to define the increasing sequence of finite random times

NXo == min{n > 0:Y, € A}, ngo = min{n >, : Y, € B},
Nkl = min{n > Nk Yn € A}, NB k41 i= min{n > Mkt Yn € B}, k> 0.

Both (7%, )k>0 and (957, )x>0 are sequences of stopping times for the natural filtration of (Y},),>0.
Obviously, they respectively refer to the successive return times of the chain in A after a visit in B
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(and conversely), with the convention that these times are counted from the first visit of the chain in A.
Therefore we always have
0 <nxo<ngo<mMa1<mg1<--.

In the sequel it shall be convenient to denote by

Nk =gk — 1, NBk = Mak+1 — L k>0,
the respective reactive exit times from A and B. In words, %, (resp. n;z%,) is the time of the last visit
in A (resp. B) before the k-th entry in B (resp. .A). Notice that in general, these times are not stopping
times.
For any k£ > 0, we set

re ,__ ex ._
YA,]C — Ynféﬁk’ Y.A,k‘ — Yni’fk’
and following [ ], for all £ > 1 we define the empirical reactive entrance distribution in A by

/-1
1
re ,__
Vae = Z Z 5Yjﬁfk’
k=0

and the empirical reactive exit distribution from A by

/—1
1
ex .__
Vae = 7 Z 5Y;\)Tk'
k=0

Proposition 5.1 (Reactive entrance and exit distributions). Under Assumptions (EI-E2), let us define
the probability measures

P, (Y € B,Y; € dy) P.(Yy € dy, Y; € B)

= YAy = , A
VA ) P-(Yy € B, Y1 € A) VA (dy) P, (Yo € A Y, € B) on
Forany f € Ll(A, V,réle)’
I re _ re I y Iy
Z%Hjloo VA,Z(JC) v (f), almost surely,
and for any f € L'(A, Vex),
i ex _ ex I ; »
P vZe(f) = v (f), almost surely.

Proof. The starting point is the elementary observation that the sequences of pairs (Yﬁi"k ) Yn?"k) k>0 and

(Yng’fk7ynfﬁk+1)kzoa which respectively represent the transitions of the chain (Yy,)n>yre from A to B

and from B to A, are the respective traces of the chain (Y,, Yn+1)n2ni‘4eo on A x Band B x A. We thus

deduce from Lemmas A.8 and A.6 that these sequences are positive Harris recurrent chains on S x S,

with respective stationary distributions

Pr(Yo € dyo, Y1 € dy1)
7r(Yo eAY € B)

7T®P(dy0dy1].A><B): on A x B,

and
Pr(Yy € dyo, Y1 € dy1)

P, (Yo € B,Y1 € A)
Therefore, applying Proposition A.4 to these chains, we deduce that 1%, (f) converges to vi¢( f), where

7 ® P(dyody|B x A) = on B x A.

V¢ is the second marginal of the stationary distribution of (Yyex ,Yyre . )i>o0, and similarly v5%(f)
converges to v5*(f), where v* is the first marginal of the stationary distribution of (Yni"k ) Yng"‘k) k>0-

O

We respectively call ° and v§* the reactive entrance and reactive exit distributions. For a trajectory
(Y )n>0 starting under the stationary state (Yo ~ 7), v is the law of Y conditionally to (Yp,Y7) €
B x A and v* is the law of Y conditionally to (Yo, Y1) € A x B. In a potential theoretic setting they
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might also be called first-entrance and last-exit biased distributions | , Theorem 7.10]. Clearly,
similar distributions can be defined on B using the sequences (Ve )r>0 and (Yyex )x>o.

Remark 5.2 (Reversibility and capacity). If the chain (Y,,)n>0 is reversible with respect to , then it is
clear that Vi)° = v§* (see also Proposition 5.7 for a related discussion for the Langevin dynamics). In
this case and under Assumptions (E1-E2), the normalisation factor

(26) P.(Yo € A, Y1 € B) =P, (Yo € B,Y; € A)

is usually called the capacity between A and B [ , Theorem 7.10] and denoted by cap(.A, B). In the
non-reversible case, the measures l/ff and ij need not coincide, however under Assumptions (E1-E2),
the identity (26) remains true. Indeed, it is obvious that

T(A) =P, (Yo e A) =P (Yo € A, Y1 € A) + P, (Yp € A, Y] € B),
but since T is stationary we also have

T(A) =P, (Y1 €A) =P, (Yo e A, Y1 € A)+ P (Yy € B,Y; € A),
which yields the claimed identity.

As far as the reactive entrance distribution is concerned, the statement of Proposition 5.1 can be
strengthened as follows.

Proposition 5.3 (Markov property for entrance points). Under Assumptions (EI-E2), the sequence
(Y. )k>0 is a positive Harris recurrent chain in A, with stationary probability distribution V.

Proof. It follows from the strong Markov property that (Yjek) k>0 18 indeed a Markov chain, because
(nf‘ﬁk) k>0 1s a sequence of stopping times, and the recursive construction of these times makes time
homogeneity clear. Now Proposition 5.1 shows that ¢/} is invariant for this chain, and thus by Proposi-
tion A.4 the latter is positive Harris recurrent. U

5.2. The Hill relation. We may now write the Hill relation in the setting of Assumptions (E1-E2). In
the next statement, we use the notation 74 () := 7(-|.A).

Theorem 5.4 (Hill relation). Under Assumptions (E1-E2) and with the notation of Proposition 5.1, we
have for any g € L*(A, m4),

7’2‘?0*1
27) Evre | Y l9(Ya)|| < +o0,
n=0
and
R )
(28) Eyre n;) 9| = 5 e B

Extending g to S by letting g(y) = 0 on B and dropping the normalisation by 7(.A), the right-hand
side of (28) rewrites 7(g)/cap (A, B), where we recall from Remark 5.2 that

cap(.A, B) =P, (Yo eAY € B) =P, (Yo eB,Y, € A) .
Besides, the left-hand side rewrites v(f), where f is the solution to the Dirichlet problem
{%P—Iﬁ@)zﬂw,yeA,

flyy=0, yeB
Therefore the Hill relation (28) establishes a link between this Dirichlet problem (and its associated

(29)

Green kernel, which maps g to f), the reactive entrance distribution l/ff, the invariant measure 7 and
the capacity cap(.A, B). This relation is proved in [ , Theorem 7.10, Eq. (7.1.37)] for a reversible
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Markov chain in a discrete state space” and in [ , Corollary 4.3] for a Feller chain in a compact state
space. Both references are based on a potential theoretic approach, in the sense that they crucially exploit
the representation of the left-hand side of (28) in terms of the Dirichlet problem (29). In contrast, our
argument starts with the remark, already made in the proof of Proposition 5.1, that v/’ is the second
marginal of the invariant measure of the trace of the pair chain (Y,,)n>0 = (Yn, Ynt1)n>0 on B x A.
This allows us to deduce (28) from the application of a standard representation formula, which is recalled

in Proposition A.7, for the invariant measure of this chain.

Proof of Theorem 5.4. Let us take g € L'(A, 7 4) and set g(y) = 0 for any y € B. Then the function §
defined on S x S by G(yo,y1) := g(y1) isin L' (S x S, 7), where we denote by T = 7 ® P the invariant

measure of the pair chain (Y,),,>0. We may therefore apply Proposition A.7 to this chain, with the set
B x A. This yields

n—1 7—1 —
> _ T(9)
(30) Eraea |2 [0Vl <00, Emp |2 50V0)| = 2
n=0 n=0
withn :=inf{n >1:Y, € Bx A}.
IfYo = (Yo, Y1) ~ Tpxa, then ¢, = 1 and ¢, = 7] + 1. Therefore
n—1 775:1_2 Ma1—1 ”rsefo_l
DIVl= Y lgVar)l= D ¥l = > lg(¥a)l,
n=0 n=0 n=1 n:n;ﬁo

where we have used the fact that g vanishes on 13 for the last equality. Furthermore, if Yj ~ 75y 4, then
Y1 ~ V¥ and by the Markov property, the sequence (Y},),,>1 has the same law as (Y7,),>0 under Pyre,
for which 7’y = 0. Therefore,

n—1 M50~ M50~
EFBXA [Z ’g(Yn)’ = EﬁBxA Z ’g(Yn)’ = Euff Z ‘g(Yn)‘ ’
n=0 n:n;ﬁo n=0

so that the first part of (30) yields (27). Replacing |g| with g in the argument, we then deduce from the
second part of (30) that

N 7(g)
Epre nz;) 9(Yn) “FBxA)

On the one hand,
7(g) = / 9(y1)m(dyo) P (yo, dy1) = 7(g)
Y0,Y1€S
since P = m; on the other hand,
TBxA)=mPBxA) =P (Yp € B, Y, € A).
Following the discussion preceding this proof, this shows (28). O

5.3. Proofs of Proposition 2.9, Theorem 2.10 and Corollary 2.11. Under the assumptions of Theo-
rem 2.5 with O = AU B as in Subsection 2.6, the sequence (Y, ), >0 satisfies Assumptions (E1-E2) and

n
therefore Proposition 2.9 and Theorem 2.10 immediately follow from Proposition 5.3 and Theorem 5.4,
respectively.

The proof of Corollary 2.11 requires more work. We start by stating the following result.
Lemma 5.5 (Integrability of 7, under 7 4-). With the assumptions of Proposition 2.9, E _[r;"] < +oc.

2In this reference, the relation involves the reactive exit distribution V" rather that the reactive entrance distribution V2.
Since the chain is assumed there to be reversible with respect to 7, following Remark 5.2 both measures coincide.
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Proof. Since, starting from any (qo,po) € I'~, we have 0 = 7, < 7;" < 71, by Proposition 4.3 and the
strong Markov property we have the identity

Eﬂ'* [Tl_] - Eﬂ* [TJ_] + ET(+ [TO_]
We thus deduce from Assumption (D) that E;-[r; ] < +oo, which implies that E; _[r; ] < +oo. [

We prove Corollary 2.11 assuming that G > 0. The general statement then follows by applying the
result to [G]_ and [G]., separately. By the Fubini—Tonelli theorem,

re

B0
Byre. [/0 G(qs,ps)ds} = Epre. Z /n G(gs,ps)d

= ZE re Vre ]l{n<n;'3e_ 0}/ q87p8 dS f ]] .
For any n > 0, the event {n < ;% 0} is in fr;’ while by the strong Markov property for (g¢, pt)e>0.
we have
Tot1 _ _
B | [ Gl s\ 7| =0 (%),
where
T
Yye AW, g (y) = / G(qs,ps)d8] -
0
Therefore we deduce that
e o n;e,’o—l
(31 Eyre. U ’ G(qs,ps)ds} =Eyre. > g )
0 n=0

Lemma 5.5 combined with the boundedness of G ensures that the function g~ defined above is in
LY(A~,74-). Thus, (10) and (12) in Corollary 2.11 follow from (31) and Theorem 2.10. To complete
the proof of Corollary 2.11, it therefore remains to show (11), which we rewrite

(32) ZETOO 7 Z ZaBx = Byre. (Z5%.0] - almost surely,

where we have set

re Tl;e_’k
ZXp g = G(gs,ps)ds.
TA= &
In this purpose, we first remark that the sequence (Y Ae > 238 1) k>0 is a time homogeneous Markov
chain in A~ X [0, +00), with transition kernel

P5((y0, 20), dydz) = P2 (yo,dy) Qs (y, dz),

where P72 (yo,dy) denotes the transition kernel of the chain (Y2 ,)k>0, while for any y € A7,
Qip(y, dz) is the law of Z%  under ;. The fact that P%%; ((yo, 20), dydz) does not depend on 2 ex-
presses the fact that conditionally on (Y;l?’ i )k>0, the variables Z7% i, are independent and respectively
depend only on Yje > & fact which is reminiscent of the notion of Markov renewal process | ,
Section VIL.4].

Proposition 5.6 (Positive Harris recurrence of (Y} ;, Z3% \)k>0). Under the assumptions of Proposi-
tion 2.9, the Markov chain (Y 3¢ e Z%% & )k>0 is positive Harris recurrent, and its invariant probability

measure writes

vip(dydz) == v (dy) QB (Y, d2),
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where we recall from Proposition 2.9 that V'Z_ is the invariant measure of (Y 3¢ k) k>0

Proof. We first check that the probability measure v/'; is invariant for the Markov kernel P';. We have

Vi PE (dydz) = / V7 (dyodz0)P Sy (40, 20). dydz)
(y0,20)€A™ x[0,+00)

B / V= (dyo) QB (Yo, dzo) PR (yo, dy) Q4 (v, d2)
(y0,20)EA™ x[0,+00)

_ / ( / Qiﬁg(yo,dzo)> Ve (dyo) P8 (o, dy) Q7 (3, d2)
yoEA~ 20€[0,400)

= Vi (dy)QiB(y, dz) = vip(dydz),
where we have used the facts that Q%5 (vo, ) is a probability measure on [0, +00) and that v PJ¢ =
v at the fourth line.

It now remains to show that the chain (Y32, Z7% | )r>o is Harris recurrent. Since (Ye k)k>0 is
positive Harris recurrent, it admits a regeneration set R. Let €, r and A be associated with R in Defini-
tion A.2. We check that R x [0, +o00) defines a regeneration set for (Y;le w Zap k)k>0- 1t is obvious
that the second point of Definition A.2 is satisfied. In order to address the first point, we note that the
conditional structure of (Y€ FREAN:: k>0 implies that the r-th iterate of the Markov kernel P, writes

(PiB)" (0, 20), dydz) = (P32)" (yo, dy) QB (y, d2).
This is checked by a direct computation. Therefore, for any (yo, z0) € R X [0, +00),

(P%B)" (Yo, 20), dydz) = (P32)" (yo, dy)Qp(y, dz) > eA(dy) QB (y, d2),
so that the first point of Definition A.2 is satisfied with A(dydz) := A(dy) Q" (y, dz). O

As a consequence of Proposition 5.6, one may apply Proposition A.4 to the positive Harris recurrent
chain (Y Ae v ZaB, i )k>0 With the function f(y, 2) = z so as to obtain (32). This completes the proof of
Corollary 2.11.

Let us conclude this section by complementary results which may be of interest to better understand
the links between the probability measures we have introduced, in the conservative case (namely when
F = —VV). Until now, we considered in this section the process (Y,,”),>0 with values in A~ U B~
and the associated probability measures 7, 1% /B and v /B> which respectively correspond to the
stationary measures of the successive entry points in A U B, of the first entrance in A/B coming from
B/A, and of the last entrance in A/B before going to B/A. Likewise, one can consider, with obvious
notation, the process (Y, ),>o with values in AT U BT, and the associated probability measures 7,
Vi B+ and V% B+ which respectively correspond to the stationary measures of the successive exit
points from A U B, of the first exit from A/B coming from B/A, and of the last exit from A/B before
going to B/A. In the conservative case, if (qg, po) is distributed according to the stationary Boltzmann—

Gibbs measure (2), it is known that for any T" > 0, the following equality in law holds

L
(Qt,Pt)ogth = (C]T—t, —pT—t)ogth-
This property of the Langevin dynamics is sometimes called the reversibility up to momentum rever-

sal [ ]. A direct consequence of this property is the following proposition.

Proposition 5.7 (Links between reactive exit and entrance distributions in the conservative case). In
the setting of Proposition 2.9, assume that ' = —N'V, and let us denote by R the momentum reversal
operator: for any (q,p) € R? x R% R(q,p) = (¢, —p). Then one has the following identities:

ex __ . re —1 ex __ . re —1
Vi =vyroR T andvyi =v,s o R,

re __ ex re __ _ex -1
vg- = oR7! and vg; = vg- o R,
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Y3¥ —_— Y52 ki1

FIGURE 3. Schematic representation of a reactive trajectory from B to A (in blue), and
of a reactive trajectory from A to B (in red). At stationarity and in the conservative
case, the law of a reactive trajectory from B to A, reversed in time and after momentum
reversal, is the same as the law of a reactive trajectory from A to B.

where, for a probability measure v, v o R~V is the pushforward measure of v by R.

The proof is a simple consequence of the fact that, by the reversibility up to momentum reversal prop-
erty of the Langevin dynamics, at stationarity, the reactive trajectory (Y, YO+, Y, Y1+) when Y~ ~
Ve (sothat Yo' ~ 055, Yy ~ g2 and Y™ ~ 153 ) has the same law as (R(Y;"), R(Y{"), R(Y;"), R(Yy "))
when Y~ ~ vgX (so that YOJr ~vgt, Y ~ 2 and Y~ "o+ ). See Figure 3 for an illustration.

Appendix A. Generalities on Harris recurrent chains

In this appendix we gather various definitions and facts related with the notion of Harris recurrent
chain. Most statements are taken from [ , Section VII.3] and [ , Chapter 4]. We also refer
to [ ] and [ ] for extensive monographs.

A.1. Harris recurrence. Let (Y},),>0 be a time homogeneous Markov chain taking its values in a
measurable space S, which is assumed to be separable, that is to say that the o-field on S is generated by
a countable collection of sets [ , Section 4.1]. The transition kernel of the chain is denoted by P.

Definition A.1 (¢-recurrence). Let ¢ be a o-finite nonnegative measure on S. The Markov chain (Yy,)n>0
is called p-recurrent if, for any y € S and any measurable subset C C S such that ¢(C) > 0, then

Z Ly, ecy = +o0, P, -almost surely.
n>0

Definition A.2 (Regeneration set). A set R C S is called a regeneration set for the Markov chain
(Yo)n>o if:
(i) there exist € > 0, r > 1 and a probability measure A on S such that
Yy € R, Py (Y, € -) > eX(");
(ii) foranyy € S,Py(In>1:Y, € R) = 1.

The next result allows to define the notion of Harris recurrence. It may be found in [ , Corol-
lary 3.12, p. 205].

Proposition A.3 (Harris recurrence). The Markov chain (Yy,)n>0 is @-recurrent for some nontrivial ¢ if
and only if it has a regeneration set. In this case, it is called Harris recurrent, and.:

(i) it has a unique, up to multiplicative constant, o-finite nonnegative invariant measure 11;
(ii) any measurable set C such that I1(C) > 0 contains a regeneration set.



Estimation of statistics of transitions and Hill relation for Langevin dynamics 29

Under the assumptions of Proposition A.3, if II(S) < +oo then the chain has a unique invariant
probability measure 7 (-) = II(+) /TI(S), and it is called positive Harris recurrent.

The next result, based on [ , Theorem 4.2.13, p. 51], shows that positive Harris recurrence is
equivalent to the fact that the ergodic theorem for Markov chains holds for all initial conditions.

Proposition A.4 (Positive Harris recurrence and ergodic theorem). A Markov chain (Y,),> is positive
Harris recurrent, with invariant probability measure 7, if and only if, for any y € S and f € L*(S, ),

. 1
lim —
n—+oco n

n—1
Z fYe) ==(f), Py -almost surely.
k=0

Remark A.5. It follows from Proposition A.4 that a positive Harris recurrent chain with invariant prob-
ability measure T is m-recurrent in the sense of Definition A. 1.

A.2. Trace chain. Let (Y,),>0 be a positive Harris recurrent chain with invariant probability measure
mon S. Let C be a measurable subset of S such that 7(C) > 0. Then by Remark A.5, the set {n > 0 :
Y,, € C} is infinite almost surely. We denote by (7, )x>0 the increasing ordering of its elements, namely
the successive return times of the chain in C:

no = inf{n >0, Y, € C} and Vk > 0,m51 = inf{n > n, Y, € C}.

It is clear that they are stopping times for the natural filtration of (Y3,),>0, and by the strong Markov
property, the sequence (Y, )x>0 is a time homogeneous Markov chain with values in C. It is called the
trace of the chain on the set C. The next result is a straightforward consequence of Proposition A.4.

Lemma A.6 (Positive Harris recurrence for trace chains). In the setting described above, the trace chain
(Y, ) k>0 is positive Harris recurrent, and its invariant probability measure is the conditional measure

me(:) =7 (-[C).

Our derivation of the Hill formula in Section 5 relies on the use of the representation formula for 7
given in the next proposition. This formula can be seen as a generalisation to the continuous state space
setting of the standard identity

oy—1

Ey Z gYn)| = @, Oy := inf{n >1:Y, =y},
i ™(y)
for Markov chains (Y},),,>0 which take their values in discrete spaces [ , Lemma 4.21, p. 76].

Proposition A.7 (Representation formula for 7). In the setting and with the notation of Lemma A.6, for
any g € L'(S, ), we have

ni—1
Ere | 3 lo(¥a)l| < +oo,
n=0
and
~ ()
E Y, | = —==.
<[ S0w] -2
Proof. Theorem 3.6.5, p. 71 in [ ] asserts that the second identity holds in [0, +o00) for any

nonnegative measurable function g on S. Therefore, letting g € L'(S, ) and applying this identity to
[g]- and [g]+ separately, we get the claimed statements. O
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A.3. Pair chain. Let (Y},),>0 be a time homogeneous Markov chain on S, with transition kernel P. It
is known that the chain (Y,,),,>0 defined by Y,, = (Y;,,Y,,41) is a time homogeneous Markov chain on
S x S, with transition kernel P given by

P f(yo,y1) := /Sf(yhyz)P(yhdyz),

for any measurable and bounded function f on S x S. It is called the pair chain. The following result is
taken from the proof of [ , Proposition 3.9].

Lemma A.8 (Harris recurrence for the pair chain). If the chain (Y,,)n>0 is positive Harris recurrent, with

invariant probability measure T, then the pair chain (Y ,,)n>0 is positive Harris recurrent with invariant

probability measure T := 1 ® P.

Appendix B. Proof of Proposition 4.1

The proofs of both statements (i) and (ii) in Proposition 4.1 follow from symmetric arguments. There-
fore, we only detail the proof of the first statement. We fix f~ a continuous and bounded function on
'~ UT? and define ©v~ on R? x R accordingly. It is then obvious that u~ = f~ on '~ UT°. We show
that, on (R%\ 0) x R%, u~ is C* and satisfies Lu~ = 0 in Subsection B.1, and that u~ is continuous
on (R%\ O) x R? in Subsection B.2. The proofs use arguments from [ , Theorem 2.10], where
the time dependent equation J;u = Lu on a bounded domain in ¢ was considered.

B.1. Harmonicity of «~. The main step in our argument is the following result.

Proposition B.1 (Weak harmonicity of ™). Under the assumptions of the first statement in Proposi-
tion 4.1, let ® be a C* function with compact support in the open set (R4 \ O) x RY. Then

/(Rd@ y u” (¢, p)L*®(q,p)dgdp = 0,
X

where we recall that the differential operator L* is defined in (16).

Since, under the assumptions of Proposition 4.1, the differential operator £ is known to be hypoellip-
tic, Proposition B.1 implies that v~ is C™ on the open set (R? \ O) x R? and satisfies Lu~ = 0 there.
Thus we now focus on the proof of Proposition B.1. Throughout the remainder of this appendix, we take
the convention to denote by 2 = (g, p) generic elements of R? x R%, and by X; = (¢, ;) the solution
to (1).

Let (Wt)tzo be a d-dimensional Brownian motion, independent from (W;);>o. For any m > 0,
let F, be a smooth and compactly supported vector field on R?, which coincides with F' on the open
ball B(0,m) and which is such that |F,,(¢)| < |F(q)| for any ¢ € R% For e > 0, let (X;" =
(g™, py™))e>0 be the strong solution, defined on the same probability space as (X¢)¢>0, to the stochastic
differential equation

3 dgy™ = py™dt + \/%th,
o {dpi’m = F(g"™)dt — ypy ™ dt + /2y~ 1AW

We denote by L. ,,, the associated infinitesimal generator. We write X" := Xt0 and L, = Lom.
Let (Vi)x>1 be a nondecreasing sequence of C'? open bounded subsets of (R?\ 0) x R? such that
Up>1Ve = (RZ\ O) x R% For k > 1, m > 0 and € > 0, let us define the stopping times

Te,m,k = 1nf{t >0: Xfm ¢ Vk‘}a
79 =1inf{t > 0: X;" & (Rd \0) x Rd}7
P in{t > 02 Xp" ¢ (BT 0) x RY).



Estimation of statistics of transitions and Hill relation for Langevin dynamics 31

Lemma B.2 (Approximation results in k and €). For all x € (R%\ O) x R, for all m > 0, one has
P.-almost surely,

(i) limpo0 7O = 76,

(ii) for any t > 0, lime0 Liremayy = Lrmayy,

(iii) on the event {7 < oo}, lime_0 Xrem = X,

Proof. In this proof we fix m > 0and z € (R?\ 0) x R%
Let ¢ > 0. Since (Vj)r>1 is a nondecreasing sequence of open subsets of (R?\ O) x RY, then

(Ts,m,k

)k>1 is a nondecreasing sequence of stopping times, bounded from above by 7™, therefore
it converges [P;-almost surely toward supj> oMk < r6m - Besides, it follows from the equality
Up>1 Vi = (R9\ O) x RY that IP,-almost surely SUPg>1 remk — rem hence (i).

Now let us fix ¢ > 0. In order to prove (ii) it is sufficient to show the convergence on the partition of
events {7™ < t}, {7 > t} and {7 = t}. Since P,(7™ = t) < P,(X]" € ¥ x R?) = 0, one only
needs to prove the convergence almost surely on the events {7 < t} and {7 > t}.

Since F, is globally Lipschitz continuous on R?, using Gronwall’s lemma one obtains the existence
of a constant C,,, > 0 such that for all x € R x R4, P,-almost surely, for all £ > 0,

(34) sup | X¢™ — X7 < V2e sup [Wi[em.

s€[0,t] s€[0,t]
For a fixed ¢ > 0, we consider the event {7 < ¢}. By Lemma 2.2, X% € I'", P,-almost surely.
Besides, the process (X]™)i>q visits O x R%, P,-almost surely on [, 7™ +a/] for any a > 0. Therefore,
for o small enough so that 7" + o < ¢ and for € small enough, one has, using (34), that 7™ < ¢. This
ensures the convergence (ii) on the event {7 < t}.

Assume now that {7 > t}. It follows from (34) that for € small enough, the process (X§") (o, 18
at a positive distance from © x R?. Therefore, one has that 7™ > ¢ which ensures the convergence (ii)
on the event {7 > t}.

On the event {7 < oo}, by (ii) we have 7" < oo for € small enough, thus we deduce from (34) and
the continuity of the trajectory of (X]™)¢> that X7, converges to X%, which is the assertion (iii). [

We are now ready to prove Proposition B.1.

Proof of Proposition B.1. We extend f~ to a function which is continuous and bounded on the whole
space R% x R?, and fore > 0, k > 1 and m > 0, we set

ue_,m,k(m) =E; [fi (X;Tnk)] )

forany z € Vi. By [ , Theorem 5.1 in Chapter 6], 7¢™* < oo almost surely and u_, . is C°° on

V}, and satisfies L¢ ;pu_,, , = 0 there. Now there exists ko such that for all £ > ko, the support of ® is
contained in V. As aresult, for all £k > kg, a direct integration by parts yields

(35) / w (@)L, B(2)dr = 0,
RNO)xRE ’
where
L:®(x)=—p-Ve® =V, (Fn(Q)®) +7Vp - (p®) + 787 Ap® + €Ay, T = (q,p)-

When € — 0 and m — o0, this quantity converges to £*®(z) for any z € (R%\ O) x R?, and since for
m sufficiently large, F},, coincides with F' on the support of ®, there is a constant N (®) which depends
neither on € nor on m such that |£?, ®(z)| < N(®)1 {weVi, }- Besides, by construction the function
Uk is bounded uniformly in k, € and m. Therefore, using the dominated convergence theorem in (35),
the proof of the proposition is a consequence of the following statement: for any 2 € (R%\ 0) x R¢,

e S48 0, Ve ) = ()
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Let us now prove this result. For z € (R \ O0) x R% and t > 0, let
_7(1) R - €,m _7(2) — - €,m
ue’m,k(t,l‘) = E{L’ f (XTemk)]l{Temk<t} u€7m7k(t,x) = E:B f (XTemk)]]'{’T€Mk>t}

so that u_,, (%) = u;;f]l,)c(t, x) + u;n(f,)c(t, x). As aresult, it is enough to prove that

)

36) lim lim lim lim u_ W (t2) = u~ li li li li (2) (4 0.
(36) Jim lim L lim u, g, (t2) = u” (), limsuplimsup lim suplimsup fu, ;i (£, 2)] =

Since k — 7™F is nondecreasing and s — 15«4y 1s left-continuous, one has using (i) in Lemma B.2
that almost surely, 1 .c,m1x<;) converges to 1{cm<y, hence

e,m,k

77(1) -
u_ o (t,x) B (X ) A pemeyy] -
Furthermore, by (ii) and (iii) in Lemma B.2,

. 5~ Xjeﬁ)n{Tem<t}] Eq [~ (X7) L rm<ny]|

e—0

Form > 0, let By, := B(0,m), 7/ :=inf{t > 0: X" ¢ By, x R} and 7 :=inf{t >0: X, ¢
B, x R}, One has for t > 0,

E, [f_(X:Z")]l{ngt}] =E, [f_(X%)]l{TmSTg%n/\t}] +E; [f_(X%)]l{Tm>Tg%n}]l{Tm§t}:| .

Besides, since F},, and F' coincide on B, the trajectories of (X;")¢>( and (X¢)¢>0 coincide until 77},
and thus 75 = TBe, P,-almost surely. Therefore, for all m > 0,

E; [f_(Xgn)]l{ngrg%n/\t}] =K, {f_(XTo_)]l{To_STBgn/\t}} — E, |:f_(X’T0_)]1{’TO_§t}:| )

m—0o0

since 7, < oo by Lemma 2.2 and 7ge. — oo by Assumption (A1), P;-almost surely. Moreover,
m—ro0

By [1~ (X)L ez ] < I 1P > 78,) < 1 1P > 755) — 0,

— 00

by Assumption (A1) and the fact that 7,7 < oo almost surely. Finally, using again that 7,7 < oo, one
deduces that

E, |:f_(XTO_)]l{TO_§t} — u (x),

t—o0

which ensures the first part of (36).
Consider now the convergence of u;,’fLQI)C(t, x). We have

0z )] < I oo™ > 1) — ([ |acPa(r™ > 1)
k—o0
by (i) in Lemma B.2. Besides, P, (7™ > t) — P,(+™ > ¢) by (ii) in Lemma B.2. In addition,
e—

P, (7™ > t)

P (™ > t, 7™ > Tgfn) + P (" > t, 7" < Tgfn)
P

IN

2(T9 > 7Be,) + Po(1y > 1) mﬁo Py(ry >1),

since 7, < oo, P;-almost surely. Finally, since Px(TO_ > t) vanishes when ¢ — 0o, one obtains the
second part of (36). ]
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B.2. Continuity of u~. In this section, we let (z"),>1 and 7> be configurations in (R? \ 0) x R?
such that 2™ converges to z°°, and prove that v~ (z™) converges to u~ (x*). To proceed, for any n €
{1,..., 00} we denote by (X/");>0 the strong solution to (1), with initial condition 2", and assume that
all these processes are defined on the same probability space and with respect to the same Brownian
motion. We denote by

™M=inf{t>0: X'}

the corresponding realisation of 7, so that v~ (2") = E[f~(X7)]. Since f~ is continuous and
bounded, the desired convergence directly stems from the following trajectorial result.

Lemma B.3 (Continuity of the exit configuration). In the setting described above,

lirf X =X2%, almost surely.
n—-+0o0

Proof. Since the coefficients of the stochastic differential equation (1) are assumed to be locally Lipschitz
continuous, the Gronwall lemma implies that, almost surely, for any 7" > 0, there exists a finite random
constant C'(T") such that

(37) Vn > 1, sup | X[ — X°| < C(T)]|z" — =™|.
t€[0,T)

It is easy to deduce from this estimate that

lim Jirnf T > 7%, almost surely.
n——+0o0

Besides, the proof of Lemma 2.2 shows that, almost surely, for any e > 0 there exists t € (7°°,7°° + ¢)
such that ¢7° € O, and therefore by (37),

limsup 7" < 7%° + ¢, almost surely.
n—-+4o0o

As a conclusion, 7" converges to 7°°, almost surely, and the final claim follows from (37) again, using
the fact that 7°° < oo almost surely by Lemma 2.2. U

Appendix C. Discussion of Assumption (D)

In this appendix, we provide sufficient conditions for Assumption (D) to hold. Moreover, in the
conservative case (F' = —VV), we use results by Kopec [ ] to show that these conditions are
satisfied under mild assumptions on the potential V.

Let us denote by C’ggl(Rd x R%) the set of C'™ functions on R? x R¢ with polynomially growing
derivatives of all orders. Under the assumptions of Theorem 2.5, we introduce the conditions:

(D'1) forany k > 0, sup;>o Ex-[lg:]* + [pe[*] < 400 and sup;»o B+ [lgr]* + pe[*] < +o00:
(D2) for any ¢ € C5%(R? x R?) such that z1(@) = 0, there exists a solution ® € Coo(R? x R?) to
the Poisson equation L& = ¢, where we recall that £ is the infinitesimal generator associated

with (1).

Proposition C.1 (Sufficient condition for Assumption (D)). In the setting of Theorem 2.5, if Assump-
tions (D’ 1-D’2) hold then Assumption (D) holds.

Proof. Since E,.— [y ] and E .+ [r; | play symmetric roles in Assumption (D), we only prove that E_— [7;7] <
+-00. To proceed, let us fix gg and » > 0 such that B(gg,) C R\ O and let ¢ € ngl(]Rd x R?) such
that

1 if|g—qo|l <7/2

0 if|g—qof >

©(q,p) = {
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Then, by Assumption (A2), u(¢) > 0, and

+o00
E, [r}] = /0 P, (r > t)dt

~+o00 1 t
< / P, - <_/ SO(QS7ps)d3 = 0> dt
0 tJo
~+o00 1 t
=/ P (—/ ©(qs, ps)ds > u(@)) dt,
0 tJo

where & := u(p) — ¢ € ngl(Rd x R?) is such that (@) = 0.

Let us fix o > 2. By Markov’s inequality, for any ¢ > 1,

Eoe (1 [ Bariis 2 ue)) < b [| [ dtanoas] |

Let® € C;gl(]Rd x R%) be given by Assumption (D’2) as the solution to the Poisson equation L& = .
By Itd’s formula, for any ¢ > 0,

t t
/0 &(qs, ps)ds = D(qs, pt) — P(qo, po) — \/2751/0 Vp®(qs, ps) - AW,

and then by Jensen’s inequality,

t t [
/O B(gs p)ds| <31 (|<1><qt,pt>|a+|<1><qo,po>|a+Ww—l /O V,0(¢s.ps) - AWV, )

Since ® has polynomial growth, by Assumption (D’1) the expectation under P- of the first two terms
in the right-hand side above is bounded uniformly in ¢. Besides, since V,® has polynomial growth, by
the Burkholder-Davis—Gundy inequality and Assumption (D’1) again, the expectation under P, — of the
third term is of order t*/2. We therefore conclude that

«

+00 1 + ta/2
E.-[rg] < 1+C/1 — ot
for some constant C' > 0, which completes the proof since o > 2. O
In the conservative case, we now provide explicit conditions on F' = —VV ensuring that Assump-

tions (D’1-D’2) hold. As a preliminary, we point out that in the conservative case, Assumption (C) is
equivalent to the statement that

/ e AV Ddos(q) < 400.
2

The condition (38) below is of a similar nature.

Lemma C.2 (Sufficient conditions for Assumptions (D’1-D’2) in the conservative case). Under the

assumptions of Theorem 2.5, assume that ' = —N'V, with a potential V satisfying the conditions B-1,
B-2, B-3 and B-4 from [ 1, and that X is such that
(38) v > 0, / lglfe ™Y @ dors,(q) < +oo.

X

Then Assumptions (D’ 1-D’2) hold.

Proof. First, by [ , Lemma 2.5], to prove Assumption (D’1), it suffices to show that gg and py have
finite moments of all orders under 7~ and 7*. Using the explicit formula for the densities of 7~ and
7T in the conservative case, it is readily seen that this condition holds unconditionally for pg, while it
follows from (38) for qg.

Second, Assumption (D’2) is a straightforward consequence of [ , Lemma 2.12]. Note that in
the latter reference, it is proved for the Poisson equation £1® = @, where L is the formal adjoint of £
in L2(R? x R?, 11), so the result follows for £ by reverting the sign of p. U
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Remark C.3. The conditions B-1, B-2, B-3 and B-4 from | ] are in particular satisfied if V' is the
sum of a polynomial V¥ with at least quadratic growth at infinity, and a function V° € CSZI(RC[) which
is bounded and has a bounded gradient.

Remark C.4. The condition (38) holds in particular if, in addition to Assumption (B), the set O is
bounded, because then X has finite surface measure. Otherwise, this condition may depend on the

geometry of X, for instance, it may fail if for some r > 0, ox(B(q,r)) is not bounded as a function of
g € R%

To complete the discussion, we note that in [ ], both the uniform moment estimate (Lemma 2.5)
and the existence of a solution to the Poisson equation (Lemma 2.12) follow from the use of a suitable
Lyapunov functional, which relies on the fact that the force is conservative (F' = —VV). In the general
non-conservative situation, similar Lyapunov functionals, merely based on growth and drift conditions
on F', were constructed for example in [ , Assumption 4]. Therefore, under these conditions, one
may expect the arguments of [ ] to be adapted in order to check Assumptions (D’1-D’2), and
thereby extend the statement of Lemma C.2 to non-conservative cases.
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